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A. Megretski, MIT Model Order Reduction

EXAMPLE 1: REAL/IMAGINARY VALUES
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A. Megretski, MIT Model Order Reduction

EXAMPLE 2: NOISY DATA

200 noisy samples of rational trigonometric function of de-

gree 10.
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A. Megretski, MIT Model Order Reduction

EXAMPLE 3: SYSTEM WITH DELAY

10-th order approximation of (1� :9e�s)�1(1 + :3s)�1

Lower bound 0.35, actual 1.4[0.54]
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A. Megretski, MIT Model Order Reduction

EXAMPLE 4: FOCUS SERVO OF A DVD PLAYER

59 frequency samples

10th order �t: lower bound � 1:57, actual � 6:2[4:9]
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